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(57) ABSTRACT

A system and a method for computing an estimated state of
charge and an estimated cell resistance of an electrochemical
cell are provided. The method includes predicting a first cell
resistance value indicating a present resistance of the electro-
chemical cell utilizing a first nonlinear cell model. The
method further includes predicting a first state of charge value
indicating a present state of charge of the electrochemical cell
utilizing a second nonlinear cell model. The method further
includes measuring a voltage and, a current associated with
the electrochemical cell to obtain a voltage value and a current
value, respectively. The method further includes estimating a
second state of charge value indicating the present state of
charge of the electrochemical cell utilizing the second non-
linear cell model based on the first state of charge value, the
first cell resistance value, the voltage value, and the current
value. The method further includes estimating a second cell
resistance value indicating the present resistance of the elec-
trochemical cell utilizing the first nonlinear cell model based
on the first cell resistance value, the first state of charge value,
the voltage value, and the current value.
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STATE AND PARAMETER ESTIMATION FOR
AN ELECTROCHEMICAL CELL

BACKGROUND

The present invention relates to methods and apparatus for
estimation of battery pack system state and model parameters
using digital filtering techniques. In particular, dual Kalman
filtering and dual extended Kalman filtering.

In the context of rechargeable battery pack technologies, it
is desired in some applications to be able to estimate quanti-
ties that are descriptive of the present battery pack condition,
but that may not be directly measured. Some of these quan-
tities may change rapidly, such as the pack state-of-charge
(SOC), which can traverse its entire range within minutes.
Others may change very slowly, such as cell capacity, which
might change as little as 20% in a decade or more of regular
use. The quantities that tend to change quickly comprise the
“state” of the system, and the quantities that tend to change
slowly comprise the time varying “parameters” of the system.

In the context of the battery systems, particularly those that
need to operate for long periods of time, as aggressively as
possible without harming the battery life, for example, in
Hybrid Electric Vehicles (HEVs), Battery Electric Vehicles
(BEVs), laptop computer batteries, portable tool battery
packs, and the like, it is desired that information regarding
quickly varying parameters (e.g., SOC) be used to estimate
how much battery energy is presently available to do work,
and so forth. Further, it may be desirable to ascertain infor-
mation regarding slowly varying parameters (e.g., total
capacity) in order to keep the prior calculations precise over
the lifetime of the pack, extending its useful service time, and
help in determining the state-of-health (SOH) of the pack.

There are a number of existing methods for estimating the
state of a cell, which are generally concerned with estimating
three quantities: SOC (a quickly varying quantity), power-
fade, and capacity-fade (both slowly time varying). Power
fade may be calculated if the present and initial pack electrical
resistances are known, and capacity fade may be calculated if
present and initial pack total capacities are known, for
example, although other methods may also be used. Power-
and capacity-fade are often lumped under the description
“state-of-health” (SOH). Some other information may be
derived using the values of these variables, such as the maxi-
mum power available from the pack at any given time. Addi-
tional state members or parameters may also be needed for
specific applications, and individual algorithms would typi-
cally be required to find each one.

SOC is a value, typically reported in percent, that indicates
the fraction of the cell capacity presently available to do work.
A number of different approaches to estimating SOC have
been employed: a discharge test, ampere-hour counting (Cou-
lomb counting), measuring the electrolyte, open-circuit volt-
age measurement, linear and nonlinear circuit modeling,
impedance spectroscopy, measurement of internal resistance,
coup de fouet, and some forms of Kalman filtering. The
discharge test must completely discharge the cell in order to
determine SOC. This test interrupts system function while the
test is being performed and can be overly time consuming
rendering it not useful for many applications. Ampere-hour
counting (Coulomb counting) is an “open loop” methodology
whose accuracy degrades over time by accumulated measure-
ment error. Measuring the electrolyte is only feasible for
vented lead-acid batteries, and therefore has limited applica-
bility. Open-circuit voltage measurement may be performed
only after extended periods of cell inactivity, and for cells
with negligible hysteresis effect and does not work in a
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dynamic setting. Linear and nonlinear circuit modeling meth-
ods do not yield SOC directly; SOC must be inferred from the
calculated values. Impedance spectroscopy requires making
measurements not always available in a general application.
Measurement of internal resistance is very sensitive to mea-
surement error, and requires measurements not available in
general applications. Coup de fouet works for lead-acid bat-
teries only. Forms of Kalman filtering that do not use SOC as
afilter state do not directly yield error bounds on the estimate.
In another method, described in U.S. Pat. No. 6,534,954, a
filter, preferably a Kalman filter is used to estimate SOC by
employing a known mathematical model of cell dynamics
and measurements of cell voltage, current, and temperature.
This method directly estimates state values. However, it does
not address parameter values.

Not only is knowledge of SOC desired, but also knowledge
of SOH. In this context, power fade refers to the phenomenon
of increasing cell electrical resistance as the cell ages. This
increasing resistance causes the power that can be sourced/
sunk by the cell to drop. Capacity fade refers to the phenom-
enon of decreasing cell total capacity as the cell ages. Both the
cell’s resistance and capacity are time-varying parameters.
The prior art uses the following different approaches to esti-
mate SOH: the discharge test, chemistry-dependent methods,
Ohmic tests, and partial discharge. The discharge test com-
pletely discharges a fully charged cell in order to determine its
total capacity. This test interrupts system function and wastes
cell energy. Chemistry-dependent methods include measur-
ing the level of plate corrosion, electrolyte density, and “coup
de fouet” for lead-acid batteries. Ohmic tests include resis-
tance, conductance and impedance tests, perhaps combined
with fuzzy-logic algorithms and/or neural networks. These
methods require invasive measurements. Partial discharge
and other methods compare cell-under-test to a good cell or
model of a good cell.

There is a need for a method to concurrently estimate the
state and parameters of a cell. Furthermore, there is a need for
tests that do not interrupt system function and do not waste
energy, methods that are generally applicable (i.e., to differ-
ent types of cell electrochemistries and to different applica-
tions), methods that do not require invasive measurements,
and more rigorous approaches. There is a need for methods
and apparatus for automatically estimating time-varying
parameters, such as the cell’s resistance and capacity. There is
a need for a method that will work with different configura-
tions of parallel and/or series cells in a battery pack.

SUMMARY OF THE INVENTION

Disclosed herein in one or more exemplary embodiments
are methods and apparatus for estimating the state and param-
eters of an electrochemical cell. More particularly, for
example, estimating state and parameter values of a cell.

A first aspect of the invention is a method for estimating
present states and present parameters of an electrochemical
cell system comprising: estimating a state value of the elec-
trochemical cell with a cell state filter to estimate the state
value; estimating a parameter value of the electrochemical
cell with a cell parameter filter to estimate the parameter
value, and exchanging information between the cell state
filter and the cell parameter filter.

Another aspect is an apparatus configured to estimate
present states and present parameters of an electrochemical
cell comprising: a first component configured to estimate a
cell state value; and a second component configured to esti-
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mate a cell parameter value. The first component and second
component are in operable communication to exchange infor-
mation there between.

Also disclosed herein in an exemplary embodiment is a
system for estimating present states and present parameters of
an electrochemical cell comprising: a means for estimating a
state value of the electrochemical cell with a cell state filter; a
means for estimating a parameter value of the electrochemi-
cal cell with a cell parameter filter, and a means for exchang-
ing information between the cell state filter and the cell
parameter filter.

Further, disclosed herein in another exemplary embodi-
ment is a storage medium encoded with a machine-readable
computer program code including instructions for causing a
computer to implement the abovementioned method for esti-
mating present states and present parameters of an electro-
chemical cell.

Also disclosed herein in yet another exemplary embodi-
ment computer data signal embodied in a computer readable
medium. The computer data signal comprises code config-
ured to cause a computer to implement the abovementioned
method for estimating present states and present parameters
of an electrochemical cell.

BRIEF DESCRIPTION OF THE DRAWINGS

These and other features, aspects and advantages of the
present invention will become better understood with regard
to the following description, appended claims and accompa-
nying drawing wherein like elements are numbered alike in
the several Figures:

FIG. 1is a block diagram illustrating an exemplary system
for state and parameter estimation in accordance with an
exemplary embodiment of the invention; and

FIG. 2 is a block diagram depicting a method of dual
filtering, in accordance with an exemplary embodiment of the
invention.

DETAILED DESCRIPTION OF THE INVENTION

Disclosed herein and various embodiments are methods,
systems and apparatus for the estimation of states and param-
eters of an electrochemical cell using dual filtering are dis-
closed. Referring now to FIGS. 1 and 2, in the following
description, numerous specific details are set forth in order to
provide a more complete understanding of the present inven-
tion. It will be appreciated that while the exemplary embodi-
ments are described with reference to a battery cell, numerous
electrochemical cells hereinafter referred to as a cell, may be
employed, including, but not limited to, batteries, battery
packs, ultracapacitors, capacitor banks, fuel cells, electrolysis
cells, and the like, as well as combinations including at least
one of the foregoing. Furthermore, it will be appreciated that
a battery or battery pack may include a plurality of cells,
where the exemplary embodiments disclosed herein are
applied to one or more cells of the plurality.

One or more exemplary embodiments of the present inven-
tion estimate cell state and parameter values using dual filter-
ing. One or more exemplary embodiments of the present
invention estimate cell state and parameter values using dual
Kalman filtering. Some embodiments of the present invention
estimate cell state and parameter values using dual extended
Kalman filtering. Some embodiments simultaneously esti-
mate SOC, power- and/or capacity-fade, while others esti-
mate additional cell state values and/or additional time-vary-
ing parameter values. It will further be appreciated that while
the term filtering is employed for description and illustration
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4

of the exemplary embodiments, the terminology is intended
to include methodologies of recursive prediction and correc-
tion commonly denoted as filtering, including but not limited
to Kalman filtering and/or extended Kalman filtering.

FIG. 1 shows the components of the state and parameter
estimator system 10 according an embodiment of the present
invention. Electrochemical cell pack 20 comprising a plural-
ity of cells 22, e.g., battery is connected to a load circuit 30.
For example, load circuit 30 could be a motor in an Electric
Vehicle (EV) or a Hybrid Electric Vehicle (HEV). An appa-
ratus for measuring various cell characteristics and properties
is provided as 40. The measurement apparatus 40 may
include but not be limited to a device for measurement of cell
terminal voltage such as a voltage sensor 42, e.g. a voltmeter
and the like, while measurements of cell current are made
with a current sensing device 44, e.g., an ammeter and the
like. Optionally, measurements of cell temperature are made
with a temperature sensor 46, e.g., a thermometer and the like.
Pressure sensors and/or impedance sensors 48 are also pos-
sible and may be employed for selected types of cells. Various
sensors may be employed as needed to evaluate the charac-
teristics and properties of the cell(s). Voltage, current, and
optionally temperature measurements are processed with an
arithmetic circuit 50, e.g., processor or computer, which esti-
mates the states and parameters of the cell(s). The system may
also include a storage medium 52 comprising any computer
usable storage medium known to one of ordinary skill in the
art. The storage medium is in operable communication with
arithmetic circuit 50 employing various means, including, but
not limited to a propagated signal 54. It should be appreciated
that no instrument is required to take measurements from the
internal chemical components of the cell 22 although such
instrumentation may be used with this invention. Also note
that all measurements may be non-invasive; that is, no signal
must be injected into the system that might interfere with the
proper operation of load circuit 30.

In order to perform the prescribed functions and desired
processing, as well as the computations therefore (e.g., the
modeling, estimation of states and parameters prescribed
herein, and the like), arithmetic circuit 50 may include, but
not be limited to, a processor(s), gate array(s), custom logic,
computer(s), memory, storage, register(s), timing,
interrupt(s), communication interfaces, and input/output sig-
nal interfaces, as well as combinations comprising at least one
of the foregoing. Arithmetic circuit 50 may also include
inputs and input signal filtering and the like, to enable accu-
rate sampling and conversion or acquisitions of signals from
communications interfaces and inputs. Additional features of
arithmetic circuit 50 and certain processes therein are thor-
oughly discussed at a later point herein.

One or more embodiments of the invention may be imple-
mented as new or updated firmware and software executed in
arithmetic circuit 50 and/or other processing controllers.
Software functions include, but are not limited to firmware
and may be implemented in hardware, software, or a combi-
nation thereof. Thus a distinct advantage of the present inven-
tion is that it may be implemented for use with existing and/or
new processing systems for electrochemical cell charging and
control.

In an exemplary embodiment, Arithmetic circuit 50 uses a
mathematical model of the cell 22 that includes indicia of a
dynamic system state, including, but not, limited to, the SOC
as a model state. In one embodiment of the present invention,
a discrete-time model is used. An exemplary model in a
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(possibly nonlinear) discrete-time state-space form has the
form:

Fier 1 S 1300+ Wi

ey
where x, is the system state, 0, is the set of time varying model
parameters, u, is the exogenous input, y, is the system output,
and w, and v, are “noise” inputs—all quantities may be sca-
lars or vectors. f(x,,u,,0,) and g(x,u.0,) are functions
defined by the cell model being used. Non-time-varying
numeric values required by the model may be embedded
within f(x,,u,,0,) and g(x,,u,,0,), and are not included in 6.

The system state includes, at least, a minimum amount of
information, together with the present input and a mathemati-
cal model of the cell, needed to predict the present output. For
a cell 22, the state might include: SOC, polarization voltage
levels with respect to different time constants, and hysteresis
levels, for example. The system exogenous input u,, includes
at minimum the present cell, current i, and may, optionally,
include cell temperature (unless temperature change is itself
modeled in the state). The system parameters 0, are the values
that change only slowly with time, in such a way that they may
not be directly determined with knowledge of the system
measured input and output. These might include: cell capac-
ity, resistance, polarization voltage time constant(s), polar-
ization voltage blending factor(s), hysteresis blending
factor(s), hysteresis rate constant(s), efficiency factor(s), and
so forth. The model output y, corresponds to physically mea-
surable cell quantities or those directly computable from
measured quantities at minimum for example, the cell voltage
under load.

A mathematical model of parameter dynamics is also uti-
lized. An exemplary model has the form:

Y=gk 0 Ve,

Orr1 =047

@

The first equation states that the parameters are essentially
constant, but that they may change slowly over time, in this
instance, modeled by a fictitious “noise” process denoted, r;.
The “output” of the optimum parameter dynamics is the cell
output estimate plus some estimation error ;.

With models of the system state dynamics and parameter
dynamics defined, in an exemplary embodiment, a procedure
of dual filtering is applied. Once again, alternatively, dual
Kalman filters may be employed, or dual extended Kalman
filters. Furthermore, combinations of the abovementioned
may also be employed. Table 1 is an exemplary implementa-
tion of the methodology and system utilizing dual extended
Kalman filtering. The procedure is initialized by setting the
parameter estimate 6 to the best guess of the true parameters,
e.g., 0=E[0,], and by setting the state estimate X to the best
estimate of the cell state, e.g., X=E[x,]. The estimation-error
covariance matrices

=X 00 te;
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and
Z
2]

are also initialized. For example, an initialization of SOC
might be estimated/based on a cell voltage in a look-up table,
or information that was previously stored when a battery
pack/cell was last powered down. Other examples might
incorporate the length of time that the battery system had
rested since powerdown and the like.

TABLE 1

Dual extended Kalman filter for state and weight update.

State-space models:
K1 = L(Xes Uk, O) + Wi Opr1 = Ok +1yc
Vi = 8%k, Uk, Ok) + Vi di = g(xk, Uk, Ok) +ex,

where wy, vy, 13 and e;, are independent, zero-mean,
Gaussian noise processes of covariance matrices %, Z,,
2, and =, respectively.

Definitions:
Af(xic1, wet, By ) L Og(xe we, by)
[ i T— G= =
k-1 ot Xk
K- 1 =Ry X1 =R
o _ deli, w. 6)
R T
=bx

Initialization. For k = 0, set

B =Bleo), > =60 - (6o - 93)T]

M+ 50°'M+

%5 =Elxol, Y =E[(xo - 5)x0 — %)

=3

&

Computation. Fork=1, 2,. .., compute:
Time update for the weight filter [I corrected the following equation]

b =8,

- +
IS
ok Bkl

Time update for the state filter

X = f(%]t—ls Uk-1, 91;)

Z =Ak,12 AE,1+Z.

K %k-1

Measurement update for the state filter

- - -1
4= @layar Z}
Xk ®k v

% =% + Ly, — ok we, )]
+

D= -1y
= zk

%k
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TABLE 1-continued

Dual extended Kalman filter for state and weight update.

Measurement update for the weight filter

- - -1
=) @rlay e Z}
ik ok 3

B =0, + L[y, - %k we B )]

+

Z - (I_Lﬁcﬁ)z.
5 Bk

9k

In this example, several steps are performed in each mea-
surement interval. First, the previous parameter estimate is
propagated forward in time. The new parameter estimate is
equal to the old parameter estimate, and the parameter error
uncertainty is larger due to the passage of time (accommo-
dated for in the model by the fictitious driving noise ry).
Various possibilities exist for updating the parameter uncer-
tainty estimate—the table gives only one example. The state
estimate and its uncertainty are propagated forward one step
in time. A measurement of the cell output is made, and com-
pared to the predicted output based on the state estimate, X and
parameter estimate, 0; the difference is used to update the
values of X and 6. It may readily be appreciated that the steps
outlined in the table may be performed in a variety of orders.
While the table lists an exemplary ordering for the purposes
of illustration, those skilled in the art will be able to identify
many equivalent ordered sets of equations.

Turning now to FIG. 2 as well, an exemplary implementa-
tion of an exemplary embodiment of the invention is depicted.
Two filters run in parallel are depicted. One filter 101/102
adapting the state estimate, X and one filter 103/104 adapting
the parameter estimate, 0. Additionally, information
exchange between the filters permits updates from the param-
eter estimation filter 103/104 to the state estimation filter
101/102. Both filters 101/102, 103/104 have a time update or
prediction aspect and a measurement update or correction
aspect. State time update/prediction block 101 receives as
input the previous exogenous input u,_, (which mightinclude
cell current and/or temperature, for example) along with the
previously estimated system state value X,_,* and state uncer-
tainty estimate

+

>,

k-1

=

and present predicted parameters 0,. The state time update/
prediction block 101 provides predicted state X,~ and pre-
dicted state uncertainty

M |

=
P

output to state measurement update/correction block 102, and
to parameter measurement update/correction block 104. State
measurement update/correction block 102 provides current
system state estimate X, and state uncertainty estimate
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M+

s
e

Parameter time update/prediction block 103 receives as input
the previous time varying parameters estimate 6, ,* and
parameter uncertainty estimate

2

+
k—1

™

Parameter time update/prediction block 103 outputs pre-
dicted parameters 0, and predicted parameter uncertainty

M |

5
P

to the parameter measurement update/correction block 104
and state time update block 101. Parameter measurement
update block 104, which provides current parameter estimate
0, and parameter uncertainty estimate

+
Gk

It will also be appreciated that a minus notation denotes that
the vector is the result of the prediction components 101, 103
of'the filters, while the plus notation denotes that the vector is
the result of the correction component 102/104 of the filters.

Embodiments of this invention require a mathematical
model of cell state and output dynamics for the particular
application. In the examples above, this is accomplished by
defining specific functions for f(x,,u,,6,) and g(x,,u,,0,). An
exemplary embodiment uses a cell model that includes effects
due to one or more of the open-circuit-voltage (OCV) for the
cell 22, internal resistance, voltage polarization time con-
stants, and a hysteresis level. For the purpose of example,
parameter values are fitted to this model structure to model
the dynamics of high-power Lithium-lon Polymer Battery
(LiPB) cells, although the structure and methods presented
here are general and apply to other electrochemistries.

Inthis example, SOC is captured by one state of the model.
This equation is

Zplm1]=z/m]- (AL Cr)i/m] 3

where At represents the inter-sample period (in seconds), C,
represents the capacity of cell number k in the pack (in
ampere-seconds), z,[m] is the SOC of cell k at time index m,
i, is the current out of cell k, and 1), is the Coulombic effi-
ciency of a cell at current level i,.

Inthis example, the polarization voltage levels are captured
by several filter states. If we let there be n polarization voltage
time constants, then

Sl mAJ=A fi[mj+Bgr[m] Q)

The matrix AfeiR"f"hf may be a diagonal matrix with real-
valued polarization voltage time constants a, . . . a,,. If so, the
system is stable if all entries have magnitude less than one.
The vector Bfe‘.R"/"1 may simply be set to 1,1”s. The entries
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of B,are not critical as long as they are non-zero. The value of
n,entries in the A, matrix are chosen as part of the system
identification procedure to best fit the model parameters to
measured cell data. The A -and B, matrices may vary withtime
and other factors pertinent to the present battery pack oper-
ating condition.

In this example, the hysteresis level is captured by a single
state

My [m+1] = (©)]

_| ;i [mlyAr _| i [mlyAr
C C

eXp( |)hk [m] + (1 — exp( |))Sgn(ik [m),

where v is the hysteresis rate constant, again found by system
identification.

In this example, the overall model state is

x,[m]=[f,[m]” h,[m] z,[m]]%, where other orderings of
states are possible. The state equation for the model is formed
by combining all of the individual equations identified above.

In this example, the output equation that combines the state
values to predict cell voltage is

Vil m]=OCV (zfm])+ Gfy[m]-Rix[m]+Mhy[m], Q)

where GeR'*" is a vector of polarization voltage blending
factors g, . . . g, that blend the polarization voltage states
together in the output, R is the cell resistance (different values
may be used for discharge/charge), and M is the hysteresis
blending factor. Note, G may be constrained such that the
dc-gain from i, to Gf}, is zero.

In this example, the parameters are

M

In any embodiment, the dual filters will adapt a state esti-
mate and a parameter estimate so that a model input-output
relationship matches the measured input-output data as
closely as possible. This does not guarantee that the model
state converges to physical state values. An exemplary
embodiment takes extra steps to ensure that one model state
converges to SOC. In yet another embodiment, the cell model
used for dual filtering may be augmented with a secondary
cell model that includes as outputs those states that must
converge to their correct values. A specific example of suchan
augmented cell model (with output augmented with SOC) is

0-[NCay- .- apg1 - - G LRM]T.

OCV(z) — Riy + Iy + G,
@ .

®
gy, wy, 0) =

The augmented model output is compared to a measured
output in the dual filter. In an exemplary embodiment, a
measured value for SOC may be approximated using 2,
derived as

yw=OCV(z;)-Riy
OCV(zp)=yp+Riy

£,=0CV~ (v, +Ri). %)

By measuring the voltage of a cell under load, the cell current,
and having knowledge of R, (perhaps through 6 from a dual
filter), and knowing the inverse OCV function for the cell
chemistry, this example computes a noisy estimate of SOC,
Zpee
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In this example, a dual filter is run on this modified model,
with the “measured” information in the measurement update
being

N

Experimentation has shown that while the “noise” of 7,
(short-term bias due to hysteresis effects and polarization
voltages being ignored) prohibits it from being used as the
primary estimator of SOC, its expected long-term behavior in
a dynamic environment is accurate, and maintains the accu-
racy of the SOC state in the dual filter.

Another exemplary embodiment includes methods for esti-
mating important aspects of SOH without employing a full
dual filter. The full dual filter method may be computationally
intensive. If precise values for the full set of cell model
parameters are not necessary, then other methods potentially
less complex or computationally intensive might be used. The
exemplary methodologies determine cell capacity and resis-
tance using filtering methods. The change in capacity and
resistance from the nominal “new-cell” values give capacity
fade and power fade, which are the most commonly employed
indicators of cell SOH.

In this example, to estimate cell resistance using a filtering
mechanism, we formulate a model:

Ry/m+11=R;[m]+r [m]

Y] =OCV z[m])-ir[m]Ri[m]+e[m]

where R, [m] is the cell resistance and is modeled as a constant
value with a fictitious noise process r; allowing adaptation.
y,[m] is a crude estimate of the cell’s voltage, i, is the cell
current, and e, models estimation error. If we use an estimate
of 7, from the state filter in a dual estimator, or from some
other source, then we simply apply a filter to this model to
estimate cell resistance. In the standard filter, we compare the
model’s prediction of y, with the true measured cell voltage,
and use the difference to adapt R,.

Note that the above model may be extended to handle
different values of resistance for a variety of conditions of the
cell. For example, differences based on charge and discharge,
different SOCs, and different temperatures. The scalar R,
would be changed into a vector comprising all of the resis-
tance values being modified, and the appropriate element
from the vector would be used each time step of the filter
during the calculations.

In this example, to estimate cell capacity using a filter, we
again formulate a cell model:

Cofm+11=Cfm]+r [m]

(10)

O=z;fm]-z;fm—114n g/ m-1]AY/Cfm—1]+efm]. (11)

Again, a filter is formulated using this model to produce a
capacity estimate. As the filter runs, the computation in the
second equation (right-hand-side) is compared to zero, and
the difference is used to update the capacity estimate. Note
that good estimates of the present and previous states-of-
charge are desired, possibly from a filter estimating SOC.
Estimated capacity may again be a function of temperature
(and so forth), if desired, by employing a capacity vector,
from which the appropriate element is used in each time step
during calculations.

Thus, a method for simultaneous estimation of cell state
and parameters has been described in conjunction with a
number of specific embodiments. One or more embodiments
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use one or more Kalman filters. Some embodiments use one
or more extended Kalman filters. Further, some embodiments
include a mechanism to force convergence of state-of-charge.
One or more embodiments include a simplified parameter
filter to estimate resistance, while some embodiments include
a simplified parameter filter to estimate total capacity. The
present invention is applicable to a broad range of applica-
tions, and cell electrochemistries.

The disclosed method may be embodied in the form of
computer-implemented processes and apparatuses for prac-
ticing those processes. The method can also be embodied in
the form of computer program code containing instructions
embodied in tangible media 52, such as floppy diskettes,
CD-ROMs, hard drives, or any other computer-readable stor-
age medium, wherein, when the computer program code is
loaded into and executed by a computer, the computer
becomes an apparatus capable of executing the method. The
present method can also be embodied in the form of computer
program code, for example, whether stored in a storage
medium, loaded into and/or executed by a computer, or as
data signal 54 transmitted whether a modulated carrier wave
or not, over some transmission medium, such as over electri-
cal wiring or cabling, through fiber optics, or via electromag-
netic radiation, wherein, when the computer program code is
loaded into and executed by a computer, the computer
becomes an apparatus capable of executing the method.
When implemented on a general-purpose microprocessor, the
computer program code segments configure the microproces-
sor to create specific logic circuits.

It will be appreciated that the use of first and second or
other similar nomenclature for denoting similar items is not
intended to specify or imply any particular order unless oth-
erwise stated. Furthermore, the use of the terminology “a”
and “‘at least one of” shall each be associated with the mean-
ing “one or more” unless specifically stated otherwise.

While the invention has been described with reference to
an exemplary embodiment, it will be understood by those
skilled in the art that various changes may be made and
equivalents may be substituted for elements thereof without
departing from the scope of the invention. In addition, many
modifications may be made to adapt a particular situation or
material to the teachings of the invention without departing
from the essential scope thereof. Therefore, it is intended that
the invention not be limited to the particular embodiment
disclosed as the best mode contemplated for carrying out this
invention, but that the invention will include all embodiments
falling within the scope of the appended claims.

What is claimed is:

1. A method for determining an estimated state of charge
value and an estimated cell resistance value associated with
an electrochemical cell comprising:

predicting a first cell resistance value indicating a present

resistance of the electrochemical cell utilizing a first
nonlinear cell model;

predicting a first state of charge value indicating a present

state of charge of the electrochemical cell utilizing a
second nonlinear cell model;

measuring a voltage associated with the electrochemical

cell to obtain a voltage value;

measuring a current associated with the electrochemical

cell to obtain a current value;

calculating a second state of charge value associated with

the electrochemical cell, utilizing an inverse open circuit
voltage function having a parameter determined from
the voltage value and the current value;

calculating the estimated state of charge value indicating

the present state of charge of the electrochemical cell
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utilizing the second nonlinear cell model based on the
first state of charge value, the second state of charge
value, the first cell resistance value, the voltage value,
and the current value;

calculating the estimated cell resistance value indicating
the present resistance of the electrochemical cell utiliz-
ing the first nonlinear cell model based on the first cell
resistance value, the first state of charge value, the sec-
ond state of charge value, the voltage value, and the
current value, and

storing the estimated state of charge value and the esti-
mated cell resistance value in a storage medium.

2. The method of claim 1, further comprising:

predicting a first voltage polarization value indicating a
present voltage polarization level of the electrochemical
cell utilizing the second nonlinear cell model; and

estimating a second voltage polarization value indicating
the present voltage polarization level of the electro-
chemical cell utilizing the second nonlinear cell model
based on the first voltage polarization value, the first
state of charge value, the voltage value, and the current
value.

3. The method of claim 1, further comprising:

predicting a first hysteresis value indicating a present hys-
teresis of the electrochemical cell utilizing the second
nonlinear cell model; and

estimating a second hysteresis value indicating the present
hysteresis of the electrochemical cell utilizing the sec-
ond nonlinear cell model based on the first hysteresis
value, the first state of charge value, the voltage value,
and the current value.

4. The method of claim 1, further comprising:

predicting a first capacity value indicating a present capac-
ity the electrochemical cell utilizing the first nonlinear
cell model; and

estimating a second capacity value indicating the present
capacity of the electrochemical cell utilizing the first
nonlinear cell model based on the first capacity value,
the first state of charge value, the voltage value, and the
current value.

5. A system for determining an estimated state of charge
value and an estimated cell resistance value associated with of
an electrochemical cell, comprising:

an arithmetic circuit configured to predict a first cell resis-
tance value indicating a present resistance of the elec-
trochemical cell utilizing a first nonlinear cell model;

the arithmetic circuit further configured to predict a first
state of charge value indicating a present state of charge
of the electrochemical cell utilizing a second nonlinear
cell model,

avoltage sensor configured to measure a voltage associated
with the electrochemical cell to obtain a voltage value,
the voltage sensor coupled to the arithmetic circuit;

a current sensor configured to measure a current associated
with the electrochemical cell to obtain a current value,
the current sensor coupled to the arithmetic circuit;

the arithmetic circuit further configured to calculate a sec-
ond state of charge value associated with the electro-
chemical cell utilizing an inverse open circuit voltage
function having a parameter determined from the volt-
age value and the current value;

the arithmetic circuit further configured to calculate the
estimated state of charge value indicating the present
state of charge of the electrochemical cell utilizing the
second nonlinear cell model based on the first state of
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charge value, the second state of charge value, the first
cell resistance value, the voltage value, and the current
value;

the arithmetic circuit further configured to calculate the
estimated cell resistance value indicating the present
resistance of the electrochemical cell utilizing the first
nonlinear cell model based on the first cell resistance
value, the first state of charge value, the second state of
charge value, the voltage value, and the current value;
and

the arithmetic circuit further configured to store the esti-
mated state of charge value and the estimated cell resis-
tance value in a storage medium.

6. The system of claim 5, wherein

the arithmetic circuit further configured to predict a first
voltage polarization value indicating a present voltage
polarization level of the electrochemical cell utilizing
the second nonlinear cell model; and

the arithmetic circuit further configured to estimate a sec-
ond voltage polarization value indicating the present
voltage polarization level of the electrochemical cell
utilizing the second nonlinear cell model based on the
first voltage polarization value, the first state of charge
value, the voltage value, and the current value.
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7. The system of claim 5, wherein

the arithmetic circuit further configured to predict a first
hysteresis value indicating a present hysteresis of the
electrochemical cell utilizing the second nonlinear cell
model; and

the arithmetic circuit further configured to estimate a sec-
ond hysteresis value indicating the present hysteresis of
the electrochemical cell utilizing the second nonlinear
cell model based on the first hysteresis value, the first
state of charge value, the voltage value, and the current
value.

8. The system of claim 5, wherein

the arithmetic circuit further configured to predict a first
capacity value indicating a present capacity the electro-
chemical cell utilizing the first nonlinear cell model; and

the arithmetic circuit further configured to estimate a sec-
ond capacity value indicating the present capacity of the
electrochemical cell utilizing the first nonlinear cell
model based on the first capacity value, first state of
charge value, the voltage value, and the current value.



